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@ Contributions

» We propose a new powerful regularization method, ShakeDrop, for improvements of ResNets architectures
and achieved state-of-the-art results on image classification datasets, CIFAR-10/100 (as of Oct. 2017)

» We confirmed ShakeDrop stabilizes learning strongly disturbed by multiplying even a negative factor by
regarding StochasticDepth [1] mechanism as a probabilistic switch of two network architectures
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(1) Experiments (image classification)
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