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Fig.1 Recognition by cascaded recognizers.
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Table 1 Parameters and their meanings. Upper part:
parameters shared by the proposed method and
the method by Noguchi et al.; lower part: pa-
rameters only for the proposed method.
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Fig.2 Examples of images in a database.
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Table 2 The number of images in the databases.
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Fig.3 Examples of query images.
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and accuracy of approximate nearest neighbor
search.
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Table 3 Result with rejection.
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